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Presenter
Presentation Notes
In this talk I am going to present evidence on the influence of the people around us, our neighbours, our child’s school mates on how well our child does at school.

This evidence is drawn from work by researchers at the Spatial Economics Research Centre over the past decade.

The Spatial Economics Research Centre was established in 2008 with funding from various government departments and the Economic and Social Research Council to address questions about the causes and consequences of geographical disparities at both the local and regional scale. 

The strand of research I’m talking about here addresses the local aspect of this question.


Outline

= Key geographical issues in lifetime education, opportunities and

earnings

= Some examples ...

= 1. ‘Neighbourhood effects’
= 2. Geography and intergenerational mobility.

= 3. More general ‘place of origin’ issues. Big city v small city v

rural.

= 3. Lifetime geographical mobility patterns.
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Presentation Notes
So, the question this research is trying to answer is whether children’s education is really influenced by their residential neighbours or the other children they go to school with. 
The idea that neighbours and peers matter seems intuitively compelling. We are clearly influenced in many ways by the people we interact with, so it is only a short step to make to come to the conclusion that these types of interaction in the neighbourhood and school will matter. And, there are number of theoretical stories behind the idea that neighbours and peers matter. Other children or adults might provide role models, there may be competition with peers or pupils may learn from eachother, all of which could lead to a causal link between the kind of group a child experiences and their own outcomes.
In terms of policy, these questions are important for neighbourhood policy and for schools policy.  If we find the having good neighbours improves  children’s outcomes, then policy could try to improve educational outcomes for low achievers and reduce inqualities by ensuring that they live with high achievers. This is part of the rationale behind mixed communities planning policy which aims to ensure that neighbourhoods are balanced in terms of the mix of rich and poor by legislating over the types of housing that are provided. Similary, in terms of education policy, evidence of strong effects of these types could suggest a role for ensuring schools are mixed and diverse in their intakes in oreder to reduce inqualities. 
Lastly of course these questions are important if you are parent deciding where to live or where to send your  child to school. 
He style of research I’m going to be discussing is quantitative in nature. We haven’t visited these neighbourhoods, asked questions, carried out surveys or anything light. It’s the ‘radio astronomy approach’ to social science research in which we analyse big data sets , usually taken from administrative sources to try to trace out the interesting patterns
The rest of the talk is structured as follows. Firstly I’ll discuss  our evidence on neighbourhoods…
Lastly  I’ll  provide a take away conclusion and summarise what I think policy makers can usefully learn from this


Neighbourhood effects

= Association between neighbourhood quals. (1970s) and child’s
adult attainment (1990s), Gibbons (2002)
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This pitcure gives a first insight into this relationship.
The pitcure is based on analysis  of the National Child Development Study, which surveyed all children born in one week in 1958 and has followed them up at intervals over the decades
The horizontal axis shows…
The vertical axis shows…
As we can see there’s a strong association…
Its this association that probably informs our intuition that where you grow up matters.
But much of this association is nothing to do with the influence of neighbours or neighbourhoods. It’s the influence of family bacground.
Higher educated people live amongst other higher educated people because they are richer (on average) and can afford nicer housing in neighbourhoods with better schools and amenities. And people who are high-educated tend to have children who become high educated. This may be partly genetics, pertly family resources. In any case it means that most of this patter is due to differences in family background not neighbourhood
We can see this by statistically adjusting the estimates…



Adjust for family background

= Smaller effects: ‘Sorting’ matters - higher educated families
choose higher educated neighbourhoods
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For family background

As you can see now, the link between neighourhood quality and adult eduction outcomes is much diminished once we compare chidlren with similar family ciircumstances


Social tenants in the 1970s

= Arguably, social tenants had less choice over housing location:

less ‘sorting’
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Or looking at a sub-group amongst whom variation in neighbourhood is less determined by their incomes and wealth – social tenants


2nd generation effects

= Association between teenage neighbourhood (education) of
parents and test scores (PIAT) of their children in 1991

All Social

Reading ~ Maths Reading ~ Maths

Young adult 0.347 0.173 0.822 0.558
neighbourhood (0.129) (0.105) (0.320) (0.235)
(1981)

Teenage neighbourhood 0.605 0.310 0.116 0.187

(1974) (0.154) (0.125) (0.331) (0.239)
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This pitcure gives a goo visualisation of what’s going on for these 1959 cohort kids
Explain


Parental ‘investments’ in child

* TFrom Patacchini and Zenou (2011)

TABLE 3: Neighborhood Education Effect on Parental Effort

Dep. Var.: Parents Read to Child

(1)

(2)

(3)

HEP LEP HEP LEP HEP LEP
High-skilled 0.1012** 0.0761* 0.0910% 0.0655** 0.0487+* 0.0195*
population (0.0350) (0.0309) (0.0301) (0.0272) (0.0176) (0.0093)
Young population 0.1543 0.1012 0.1233 0.0905 0.1208 0.0907
(0.1967) (0.1715) (0.2213) (0.1805) (0.2125) (0.1805)
Total population 0.0002 0.0003 0.0002 0.0003 0.0002 0.0003
(0.0003) (0.0005) (0.0002) (0.0005) (0.0002) (0.0005)
Unemployment rate —0.2915* —0.2017** —-0.2565* —0.1920* —-0.2467** —0.1865*
(0.0987) (0.0656) (0.1098) (0.0766) (0.1010) (0.0786)
Activity rate 0.0671 0.0888 0.0673 0.0890 0.0673 0.0891
(0.0569) (0.0787) (0.0601) (0.0790) (0.0609) (0.0789)
Professional 0.1015 0.0564 0.0881 0.0470 0.0771 0.0379
employment (0.1116) (0.1011) (0.1066) (0.1015) (0.0799) (0.0819)
Unskilled —0.0876 —0.1012 —0.0639 —0.0909 —0.0600 —0.0914
employment (0.1231) (0.1034) (0.1021) (0.0899) (0.0987) (0.0853)
Amenities —0.0999*  —0.0875** —0.0797* —0.0708** —0.0808* —0.0712**
(0.0421) (0.0293) (0.0379) (0.0252) (0.0369) (0.0245)



Intergenerational mobility, UK

= Neighbours v parents in the 1970s; Gibbons (2002)
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This pitcure gives a goo visualisation of what’s going on for these 1959 cohort kids
Explain


Geographical differences in IM in the US

= Intergenerational mobility in different US CZs. Chetty et al
(2014)
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Role of cities on life chances

= City size at birth and adult earnings (BHPS). Bosquet and
Overman (2016)

Table 4: Second-stage regressions for gross total wage; individual fixed effects on
birthplace and controls (full time workers only)

(L) (2) (3) 4 (5) (6) ()
(log) Birthplace size  0.046%%*  0.040%*%  (.039%** (0.038%** (0.028%%F 0.024*%**  0.009%
(0.004) (0.004) (0.004) (0.004) (0.004) (0.005)  (0.005)
1¥-step controls
Time FE X X X X X X X
Occupation X X X X
(log) City size X X X
Learning X
2™.step controls
Gender. Age X X X X X X X
HPSC X X X X X X
Education X X X X X
Observations 7.500 7.500 7.500 7.500 7.500 4.393 3.839
R-squared 0.140 0.193 0.325 0.308 0.305 0.297 0.300
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Problem with previous evidence is that we are just comparing different children in different neighbourhoods, and we can never fully account for differences in family background
Ideally to better understand these issues we would like to conduct an experiment
This has been done in the US, though not in the UK and there are obvious difficulties in implementation,  high costs and potential ethical problems
Instead we try to use existing datases and find ways fo estimate the relationships we are interested from what we hope is random variation in neighbourhood quality or peer group quality, which is unrelated to differences in family background
I’m going to outline results from a number of studies


Lifetime mobility patterns

= Always working in the same place (BHPS data)

Table 7: Lifetime mobility: Share of individuals who have always worked in the same
area where they were born, by skills (all workers)

% always worked where born  Total No quals. GCSEeq. A-leveleq. Degree

Total 43.7 51.8 48.7 45.8 30.5
Born in
Rural 33.2 40.7 37.9 32.9 21.5
Small city 46.5 52.0 53.5 51.7 29.2
Medmum city 45.1 57.1 49 .4 48.6 28.9
Large city 48.8 57.2 53.8 50.3 37.2
% born same place as (all individuals):
Mother born 53.8 63.1 56.2 50.5 49.9
Father born 52.8 56.7 56.7 50.1 48.8

Source: Authors own calculation based on BHPS. Notes: Areas correspond to Local Labour Market



Lifetime mobility patterns

= Always living in the same place (BHPS data)

Table 8: Lifetime mobility across the UK: Share of (all) individuals who live in the same
area where they were born, by skills, by age

% live in area where born Total No quals. GCSEeq. A-leveleq. Degree
At age:
16 60.8 59.3 60.4 65.3 70.6
18 55.6 59.5 59.1 50.5 62.1
21 46.0 59.3 53.2 41.5 37.1
65 44.4 53.4 40.8 41.6 28.1

Source: Authors own calculation based on BHPS. Notes: See Table 7.



Role of early age abilities on moving to cities

= NLSY data. De LLa Roca et al (2014)

Table 1: Logit estimation of the determinants of location in big and small cities

Probability of For individuals For individuals
living in big city living in small city living in big city
upon completing upon completing upon completing

education education, education,
probability of probability of
having moved having moved
to big city to small city
10 years later 10 years later
(1) (2) (3)

Self-confidence percentile 1.004 1.002 0.997
(0.002)"** (0.002) (0.002)
Cognitive ability percentile 1.000 1.007 0.999

(0.002) (0.003)** (0.003)



Concluding comments

= Renewed interest in role of place in life outcomes despite limits

to understanding causality

= More work needed on understanding who are the

geographically left behind (Brexit-Trump etc.)

= Cohort studies (NCDS, BCS, US etc.) provide the ONLY
opportunity for doing this in the UK — only data sets that link
place of upbringing, parental background, education and later

life outcomes
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